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Whose signing builds sign language Al, what they agreed to, what they were paid, and whether
their faces can be withdrawn: the corpus question buyers inherit.
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Every sign language Al system is built from recordings of people signing.
Whose signing it was, what they agreed to, what they were paid, and
whether they can ever take their faces back are questions the market has

not answered and most buyers have not asked.
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IN SHORT

« A signed language is produced on the face and body, so a sign language train-
ing corpus is a collection of identifiable recordings of people from a small
community. It cannot be anonymised without destroying the linguistic con-
tent it exists to capture.

« The corpora the field documents were assembled in four ways: scraped from
public video, taken from broadcast interpretation, recorded in studios with
recruited signers, or collected privately by vendors. Each carries a different
answer to consent, payment, authorship and withdrawal, and only the first
three are documented at all.

« The public research corpora carry use restrictions (academic and computa-
tional use only, non-commercial, research-only data-sharing agreements)
that a commercial product would have to honour. Whether deployed systems
honour them is not visible from the outside.

« Biometric privacy law turns on identification. A face processed for its gram-
mar rather than its identity can fall outside the protections written for faces.

« A buyer inherits the corpus. Five questions, put in writing before contract,
establish whether a vendor can account for the people its system was built
from.

The face is the data

In spoken and written language technology, the training data and the person can usu-
ally be separated. A sentence can be stripped of its author. A voice can be transformed
until the speaker is unrecognisable and the words remain. Signed languages do not
permit this separation, because the language is produced on the body. The hands car-
ry the lexicon, but the grammar is distributed across the face: eyebrow position marks
questions, mouth patterns disambiguate signs, head tilt and eye gaze establish refer-
ence and agreement. A recording of a signer with the face blurred is not a de-identi-
fied language sample. It is a corrupted one.

This has a consequence that the machine learning literature has recognised for some
time and the procurement literature has not. A sign language corpus is, necessarily, a
collection of identifiable recordings of specific people. The signing community in any
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country is small, and the interdisciplinary review of sign language AI datasets led by
Bragg and colleagues observed that "because of the small size of the deaf community,

it may be possible to personally identify signers in videos"[!]. A model trained on such
a corpus has learned from these people's faces. If the system generates signing, it has
learned to produce faces that resemble theirs. The question of whose signing built the
system is therefore not an abstract question of data ethics. It is a question about
named, findable individuals whose likeness is now part of a product.

Where the corpora come from i )
A recording of a signer

lished research in sign language recognition with the face blurred is

and generation were assembled in a small not a de-identified lan-

number of ways, and the assembly method ouage s ample [tis a
determines nearly everything that follows.

The documented corpora that underpin pub-

corrupted one.

The first method is collection from public

video. One widely used word-level American

Sign Language dataset was compiled by downloading videos from YouTube and sign
language teaching sites, organised into roughly two thousand glosses, and released
under Microsoft's Computational Use of Data Agreement with the statement that all
the data "is intended for academic and computational use only” and that "no commer-

cial usage is allowed"2]. Its documentation records a signer identifier for each clip
but contains no statement about the signers' consent, fluency or awareness that their
video had been collected. Subsequent linguistic examination found its English gloss
labels "pervasive[ly]" inconsistent, with the same sign labelled by different words and

the same word applied to different signs[3]. A larger corpus released in 2023 gathered
984 hours of footage from more than 2,500 signers by retrieving public YouTube
videos tagged as sign language content; its authors explain that they included "videos
across all skill levels and signing styles, as long as they were comprehensible to an
ASL user”, that they release only video identifiers rather than the videos themselves,

and that a creator's route to withdrawal is to make the video private or delete itl4],

The second method is broadcast interpretation. The largest British Sign Language cor-
pus consists of roughly 1,467 hours of BBC programmes carrying an in-vision inter-
preter, produced by 39 interpreters in total, and is available for non-commercial re-
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search under a data-sharing agreement with the broadcaster that obliges researchers

to delete portions or the whole of the dataset if instructed[5]. The German weather-
broadcast corpus that anchored the first neural sign language translation results was
built the same way, from television interpreters rendering a hearing presenter's

script[6]. These interpreters were paid to interpret a broadcast. They were not paid to
supply a training corpus, and the language they produced is interpretation under time
pressure from a spoken source. De Sisto and colleagues warn that using "non-native
and/or interpreted data to train translation systems that should be able to recognise,
and generate, spontaneous authentic/native language will lead to less natural and
very likely inaccurate translations”, and describe the result as a form of translationese
in which the signed stream "will always be somehow affected by the source spoken

language"[7].

The third method is studio recording with recruited signers. The best-known example
is a corpus of more than eighty hours of continuous American Sign Language record-
ed in controlled conditions with consenting participants and released under a Creative

Commons licence that forbids commercial usel®]. This is the model that looks most
like ordinary research ethics: participants recruited, informed, compensated as re-
search participants, and recorded for a stated purpose. It is also the most expensive
way to build a corpus, which is why it produces the smallest ones.

0384 1,407 30+ 2,000

nterpretation by

research only

Figure 1. Four documented research corpora, by size and by the terms attached to them. Vendor
training data, the corpus that matters most to a buyer, appears in no dataset paper and carries no li-
cence page.

The fourth method is private collection by the companies that sell sign language Al
products. This is the method that matters most for a buyer, and it is the one about
which the least is documented. A vendor's own training data does not appear in a
dataset paper. It has no licence page. Whether it was scraped, purchased, recorded
with hired signers, contributed by users of the product, or assembled from the public
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research corpora described above, with or without regard to their use restrictions, is
not visible from outside the company.

Four questions the assembly method answers

Set beside each other, the documented corpora answer four questions in four different
ways, and the differences are the whole subject.

Public video Broadcast interpretation Studio recording Vendor private data
O Consented to be watched, e Consented to be Research consent, stated
not to train a product ¥ broadcast “ purpose
CONSENT
O Paid nothing . Paid to interpret, not Research compensation,
\ to supply a corpus no share in the asset
PAYMENT
- Every skill level found ~m [nterpreters, under time Recruited signers, known
online ¥ pressure, from a spoken “ fluency
AUTHORSHIP source
Delete the video; copies Broadcaster can order O No mechanism described
¥ and models keep it ¥ deletion; the
WITHDRAWAL interpreter cannot
documented and addressed D partial or indirect O absent not documented anywhere

Figure 2. What each assembly method answers on consent, payment, authorship and withdrawal.
The fourth column is the one a deployed product is most likely to have been built from.
Novara Consulting Group

The first question is consent. A person who uploaded a video to teach a sign consented
to being watched. Whether that consent extends to being decomposed into training
features for a commercial product is a question the platform's terms of service answer
in the platform's favour and the person's own understanding almost certainly does
not. Broadcast interpreters consented to be broadcast. Studio participants consented
to research. In none of the documented cases outside the studio corpora is there evi-
dence that the signer was asked whether their signing could be used to build a ma-
chine that signs.
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The second question is payment. The people
In none of the docu- whose signing produced the largest corpora

mented cases outside were paid nothing for it, because the corpora
. . were built from work they had already done

the studio Corporais for other reasons or for no reason at all. The

there evidence that the interpreters were paid by broadcasters for in-

Signer was asked terpreting. The uploaders were paid by no
one. Only the studio participants received

whether their s 1E1INg anything, and they received research compen-
could be used to build a  sation, not a share in a commercial asset.

machine that SignS Bragg and colleagues note that data agree-

ments "may specify compensation for usage,
describe the allowed uses of the data” and set

time limits on usel']. The documented public corpora do not do this because they
were not built on agreements with signers. They were built on agreements with plat-
forms and broadcasters.

The third question is authorship, in the sense of whose language the system has
learned. A corpus of interpreters has learned interpretation, with its lag, its source-
language shadow and its professional register. A corpus of every skill level found on a
video platform has learned a mixture of native signing, second-language signing and
learner signing, weighted by whatever people happened to upload. Bragg and col-
leagues note that "the majority of sign language users may not be deaf, and first-lan-

guage signers only make up a small fraction of users for most sign languages”[l], and a
corpus assembled from public video inherits that proportion. A Deaf-led review of 101
sign language Al papers found the field "dominated by hearing non-signing re-
searchers" and "driven by what decisions are the most convenient or perceived as im-

portant to hearing researchers"l9]. Convenience is also what decides which corpus
gets used. The question of whose language a system speaks is settled, in practice, by
which recordings were easiest to obtain.

The fourth question is withdrawal. A person who appears in a dataset assembled from
public video can delete the video. If the dataset was distributed as video identifiers,
the deletion propagates to anyone who has not already downloaded the clip. It does
not propagate to anyone who has, and it does not propagate into a model that was
trained before the deletion. The broadcast corpus is the only documented case with a
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contractual deletion obligation, and that obligation runs from the broadcaster to the
researcher, not from the interpreter to anyone. A trained model has no mechanism for
forgetting one signer. Withdrawal, in the sense a person would understand it, is not
available anywhere in the documented landscape once training has happened.

THE SIGNER DELETES THE VIDEO

l
)
L
'
Uploaded video -» Detaset TI Downloaded copies [ Trained model ma Deployed product
P (video identifiers) | ! P poyece
1

the deletion propagates this far + and no further: a trained model has no mechanism for forgetting one signer

Figure 3. Withdrawal in the documented landscape. Deleting a public video reaches a dataset distrib-
uted as identifiers and stops there.
Novara Consulting Group

The gap in the law

Readers who assume that faces are protected by biometric privacy law should look at
how that law is drafted. The Illinois Biometric Information Privacy Act, the strictest of
the American statutes, defines a biometric identifier as "a retina or iris scan, finger-
print, voiceprint, or scan of hand or face geometry" and expressly excludes photo-
graphs from the definition; it requires a written release before a private entity collects

such an identifier!’°]. Under the European and United Kingdom data protection
regimes, biometric data becomes special category data when it is processed "for the
purpose of uniquely identifying a natural person”, and the United Kingdom's regula-
tor is explicit that ordinary photographs and video of people are "not automatically
biometric data even if you use it for identification purposes”; the special category sta-

tus attaches when specific technical processing produces a template for matching[n].

A sign language model processes the face in extraordinary detail. It extracts eyebrow
position, mouth shape, gaze direction and head movement frame by frame, because
those features are the grammar. But it does not process them to identify the signer. It
processes them to learn the language. On the face of the statutes, that is exactly the
purpose the biometric categories were not written for. The most intensive computa-
tional processing of a person's face that exists in ordinary commerce may therefore sit
outside the protections that were drafted with faces in mind, because the drafters as-
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sumed a face would only be processed to say who it belongs to. This is not a settled le-
gal conclusion and Novara Consulting Group offers no legal opinion on any jurisdic-
tion. It is an observation that the categories do not fit, and that a vendor asked
whether its corpus is "biometric data” may be able to answer no in perfectly good faith
while holding thousands of hours of identifiable Deaf faces.

The licences are a separate and simpler matter. The word-level corpus permits aca-
demic and computational use only. The studio corpus is non-commercial. The broad-
cast corpus is research-only under an agreement that forbids cooperation with com-

mercial partnersm. A commercial product trained on any of them would be operating
outside its data's terms. No published mechanism exists for a buyer to find out
whether that has happened, and a buyer reading vendor documentation will rarely
find a statement of corpus provenance detailed enough to rule it out.

FACE PROCESSED FACE PROCESSED
TO IDENTIFY FOR GRAMMAR

biometric identifier (lllinois) eyebrows, mouth, gaze, head
special category data (GDPR) frame by frame, for the languag¢

the statutes were drafted for the left circle; the most intensive facial processing in ordinary commerce sits in the right one

Figure 4. Biometric privacy categories attach to processing for identification. Sign language Al pro-
cesses the face for its grammar.
Novara Consulting Group

What a buyer inherits

An institution that deploys a sign language Al system inherits its corpus. It inherits
the consent that was or was not obtained, the licence terms that were or were not hon-
oured, the interpreters' register or the learners' errors, and the impossibility of with-
drawal. It inherits them in a specific form: the Deaf people it serves will be watching a
system produce faces learned from members of their own community, and some of
those people will be able to recognise whose face it is.
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This is why the corpus question precedes the accuracy question. A system whose out-
put is excellent but whose corpus was taken without consent has not solved a gover-
nance problem; it has monetised one. A system whose corpus is fully accounted for
but whose output is poor is at least a system whose failures can be discussed with the
people it affects. The Convention on the Rights of Persons with Disabilities requires
States Parties, in developing policies that concern persons with disabilities, to "closely
consult with and actively involve" them through their representative organisa-

tionsH 2. A corpus assembled from people who were never asked is the plainest avail-
able example of a technology developed without that involvement, and an institution
that buys it is not consulting anyone either.

FIVE QUESTIONS TO PUT TO A VENDOR IN WRITING

First, what are the sources of the training data, by category and proportion: pub-
lic video, broadcast, studio recording, user contributions, licensed third-party
corpora? Second, for each source, what did the signers agree to, in what docu-
ment, and does that document mention commercial use and generation? Third,
what were the signers paid, by whom, and for what? Fourth, which public re-
search corpora were used, and under which licence terms is commercial deploy-
ment permitted? Fifth, what happens when a signer asks to be removed, and
does the answer include the trained model or only the stored video? A vendor
that can answer these in writing has a data governance function. A vendor that
cannot has a corpus.

The answers will not, in most cases, be reassuring. That is not a reason to leave the
questions unasked. It is the reason to ask them before signature, when the answers
still change the decision, rather than after deployment, when they change only the lia-
bility. The buyers who ask first will set the terms on which the rest of the market is
eventually required to answer.
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